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01
Defining AI Strategy & Use Cases

Every successful AI project starts with a clear strategy tied to measurable business outcomes — not

a fascination with the technology itself.

The most common reason AI projects fail is that they begin with the technology rather than the

problem. Before evaluating tools, platforms, or vendors, you must clearly articulate what business

problems you are solving and why AI is the right approach. Not every problem needs AI — sometimes

improved processes, better data management, or simple automation delivers more value at lower cost.

Identifying High-Value Use Cases

Start by auditing your business processes for tasks that are repetitive, data-rich, and time-consuming.

These are prime candidates for AI. Common starting points for UK SMEs include customer service

automation, predictive maintenance, demand forecasting, document processing, and fraud detection.

THE 80/20 RULE FOR AI USE CASES

Focus on the 20% of use cases that will deliver 80% of the business value. A single well-executed

AI project that saves 200 staff hours per month is far more valuable than five half-finished

experiments. Prioritise ruthlessly.
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Customer-facing processes: Chatbots for first-line enquiries, sentiment analysis on feedback,

personalised product recommendations, and automated email triage can deliver quick wins with

measurable impact on customer satisfaction.

1

Internal operations: Invoice processing, expense categorisation, HR screening, meeting

transcription, and report generation are often excellent candidates because they involve

structured, repetitive tasks with clear success criteria.

2

Decision support: Sales forecasting, risk scoring, resource allocation, and anomaly detection

augment human decision-making by surfacing patterns that would be impossible to identify

manually across large datasets.
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Building Your Business Case

A quantified business case is what turns an interesting idea into a funded project. Make the

numbers explicit.

For each candidate use case, document the current cost (staff time, error rates, missed opportunities),

the expected improvement (time savings, accuracy gains, revenue uplift), and the investment required

(platform costs, staff training, implementation time). Present this to leadership as a clear ROI calculation

with realistic timelines.

USE CASE
CURRENT COST /

MONTH

EXPECTED

SAVING

IMPLEMENTATION

COST

PAYBACK

PERIOD

Example: Invoice

Processing

£3,200 (80 hrs

staff time)

£2,400 (75%

reduction)

£8,000 one-off 3.3 months

Use Case 1

Use Case 2

Use Case 3

AVOID “AI FOR AI’S SAKE”

If your business case relies on vague benefits like “digital transformation” or “innovation” without

specific metrics, the project will struggle to secure ongoing investment. Every AI initiative must

have a quantifiable target — hours saved, errors reduced, revenue increased, or costs cut.
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Building Your AI Team

Getting the right people in place is critical. Understand the roles you need and whether to hire,

train, or outsource.

You do not need a team of PhD data scientists to get started with AI. Modern AI platforms and

managed services have significantly lowered the barrier to entry. However, you do need clearly defined

roles with the right mix of technical and business skills to ensure your AI project delivers practical

results.

Core Roles for AI Projects

ROLE RESPONSIBILITY BUILD VS BUY

AI Project Sponsor Executive accountability, budget approval,

strategic alignment

Internal (essential)

Project Manager Timeline, resources, stakeholder communication,

risk management

Internal or MSP

Data Engineer Data pipeline design, ETL processes, data quality,

infrastructure

Internal, contractor, or MSP

Data Scientist / ML

Engineer

Model selection, training, evaluation, optimisation Contractor, MSP, or

platform-provided

Domain Expert Business process knowledge, requirements

validation, output review

Internal (essential)

Change Manager Staff communication, training, adoption support,

feedback collection

Internal or consultant
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Sourcing the Right Skills

Most UK SMEs do not build a full AI team from scratch — they blend internal knowledge with

external capability.

For most UK SMEs, a combination of internal domain expertise and external technical capability is

the most practical approach. Your managed IT services provider can often supply the data engineering

and ML expertise on a project basis, avoiding the cost of full-time specialist hires.

TIP: CROSS-FUNCTIONAL TEAMS WIN

The most successful AI projects pair technical builders with business domain experts who deeply

understand the process being improved. A technically perfect model that solves the wrong

problem is worthless. Embed business users in the project team from day one.
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Upskill existing staff: Your current IT team likely has transferable skills. SQL knowledge translates

well to data engineering. Business analysts can learn to define AI requirements. Invest in training

courses from providers like Microsoft (AI-900, AI-102), Google, or Coursera.

1

Leverage your MSP: A managed services provider with AI expertise can design, build, and deploy

your first AI projects whilst transferring knowledge to your internal team. This reduces risk and

accelerates delivery.

2

Start with low-code platforms: Tools like Microsoft Power Platform AI Builder, Google AutoML, or

Amazon SageMaker Canvas allow business users to build AI models without deep coding expertise

— ideal for initial pilot projects.

3
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Data Preparation & Pipeline

Data preparation typically consumes 60–80% of an AI project’s effort. Plan for it properly or face

delays and poor model performance.

The phrase “garbage in, garbage out” has never been more relevant than in AI. Your model’s

performance is directly determined by the quality, quantity, and relevance of the data it is trained on.

Organisations that invest in robust data preparation consistently outperform those that rush to model

building.

Data Assessment & Audit

Before building any model, conduct a thorough audit of the data available for your chosen use case.

Document the sources, formats, volumes, quality issues, and access mechanisms for every relevant

dataset. Identify gaps early — discovering missing data halfway through model training is expensive

and demoralising.
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Completeness: What percentage of records have all required fields populated? Missing values in

key features will degrade model performance. Determine whether gaps can be filled, imputed, or

whether you need to collect additional data.

1

Accuracy: How confident are you that the data reflects reality? Validate a random sample

manually. In customer databases, check for outdated addresses, duplicate records, and incorrect

categorisations.

2

Consistency: Are the same values represented the same way across all sources? Date formats

(DD/MM/YYYY vs YYYY-MM-DD), currency symbols, and naming conventions must be

standardised before data can be combined.

3

Volume: Do you have enough data to train a reliable model? Requirements vary dramatically by

use case — a simple classification model may need 1,000 labelled examples, while a complex NLP

model may need 100,000+.
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Building the Data Pipeline

A pipeline turns raw, scattered data into a reliable, repeatable feed for your AI platform.

A data pipeline automates the process of extracting data from source systems, transforming it into a

usable format, and loading it into your AI platform. This is not a one-time task — production AI systems

need continuous data feeds to retrain and improve over time.

PIPELINE

STAGE
KEY ACTIVITIES COMMON TOOLS

Extract Connect to source databases, APIs, file systems,

SaaS platforms

Azure Data Factory, AWS Glue,

Airbyte

Transform Cleanse, deduplicate, standardise, feature

engineering

dbt, Pandas, Spark, Power Query

Load Store in data warehouse or ML-ready format Azure Synapse, BigQuery, Snowflake,

S3

Monitor Track data quality, pipeline health, freshness Great Expectations, Monte Carlo,

custom alerts

DO NOT SKIP FEATURE ENGINEERING

Raw data rarely produces good AI models. Feature engineering — creating new meaningful

variables from existing data — often delivers more performance improvement than choosing a

fancier algorithm. For example, deriving “days since last purchase” from transaction dates is far

more useful to a churn model than the raw date itself.
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Pilot Project Planning

Your first AI project sets the tone for the entire programme. Plan it carefully to maximise learning

and demonstrate tangible value.

The pilot project is your proof of concept and your proof of value. It must be small enough to deliver

within 8–12 weeks, visible enough to generate organisational excitement, and rigorous enough to

provide reliable evidence for scaling decisions. Choose wisely — a failed pilot can set AI adoption back

by years.

Selecting the Right Pilot

THE “HUMAN IN THE LOOP” APPROACH

For your first pilot, keep a human reviewing AI outputs before they reach customers or trigger

business actions. This builds confidence, catches errors early, and generates valuable training

data for model improvement. Gradually reduce human oversight as accuracy improves and trust

grows.

SET REALISTIC EXPECTATIONS

AI models rarely achieve their best performance on the first iteration. Plan for at least 2–3 cycles of

testing, feedback, and refinement. Communicate this to stakeholders upfront — describing the

pilot as an “experiment” rather than a “launch” reduces pressure and sets appropriate

expectations.
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Choose a bounded problem: The scope must be clearly defined with a start and end point.

“Improve customer experience” is too vague. “Reduce average email response time from 4 hours

to 30 minutes using AI-assisted drafting” is specific and measurable.

1

Ensure data availability: Your pilot use case must have readily accessible, reasonably clean data. If

you need to spend 8 weeks building a data pipeline before you can even start, choose a different

pilot.

2

Pick an enthusiastic team: The pilot team should include people who are curious about AI and

willing to experiment. Forcing AI on a reluctant department guarantees resistance and negative

feedback.

3

Select a forgiving use case: The pilot should be in an area where AI errors have limited

consequences. AI-assisted document classification is far safer as a first project than AI-driven

credit decisions or medical triage.
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Pilot Project Plan Template

Use this template to document your pilot before kick-off. A clear plan keeps the project bounded

and gives leadership the evidence they need for a scaling decision.

ELEMENT DETAILS

Problem statement (Define the specific problem being solved)

Success metric (Quantifiable target — e.g., 50% reduction in processing time)

Data sources (List all data inputs and their current state)

AI approach (Classification, regression, NLP, computer vision, etc.)

Platform / tools (Azure ML, AWS SageMaker, Power Platform, etc.)

Team members (Names and roles)

Timeline (Week-by-week milestones over 8–12 weeks)

Budget (Platform costs, staff time, external support)

Risk register (Top 5 risks with mitigations)

Go / no-go criteria (Minimum results needed to proceed to scaling)

FROM PILOT TO PROGRAMME

A successful pilot is not the finish line — it is the evidence base for your wider AI programme.

Capture what worked, what did not, and the measured business impact. This documented

learning is what convinces leadership to fund the next phase and informs the production

deployment that follows.
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Scaling & Production Deployment

Moving from a successful pilot to a production AI system requires careful planning around

infrastructure, monitoring, governance, and continuous improvement.

The gap between a successful pilot and a reliable production system is where many AI projects stall.

Production deployment requires robust infrastructure, monitoring, governance, and a plan for

continuous improvement. Treat this phase with the same rigour you would apply to any critical

business system deployment.

Production Readiness Checklist
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Model performance validation: Confirm the model meets accuracy targets on held-out test data

that was not used during training. Document precision, recall, F1 score, or relevant metrics for your

use case.

1

Infrastructure scaling: Ensure compute resources can handle production query volumes. If your

pilot processed 100 requests per day but production will handle 10,000, infrastructure must scale

accordingly.

2

API integration: Production models are typically served via APIs. Ensure your application

integration is robust with error handling, timeouts, fallback logic, and rate limiting.

3

Monitoring and alerting: Deploy monitoring for model accuracy (data drift, concept drift), latency,

error rates, and resource utilisation. Set alerts for when performance degrades below acceptable

thresholds.

4

Rollback plan: If the production model performs worse than expected, you need a fast path back

to the previous version or to manual processing. Never deploy without a tested rollback procedure.
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Continuous Improvement Cycle

Production AI is never finished. Plan to monitor, retrain and govern your models for as long as they

run.

Production AI systems are not “set and forget”. The real world changes, data distributions shift, and

model accuracy degrades over time. Establish a regular retraining cadence — monthly for most

business applications, weekly for rapidly changing domains, or triggered automatically when

monitoring detects performance degradation.

ACTIVITY FREQUENCY RESPONSIBLE

Model accuracy review Weekly (initially), then monthly Data Scientist / ML Engineer

Data drift monitoring Continuous (automated) Data Engineer

Model retraining Monthly or triggered by drift ML Engineer

Stakeholder review Quarterly AI Project Sponsor

Ethics and bias audit Quarterly Governance Committee

Infrastructure cost review Monthly IT / Finance

VERSION EVERYTHING

Maintain version control for your models, training data, and configuration. When something goes

wrong in production — and it will — you need to identify exactly which model version, data

snapshot, and parameters produced the problematic output. MLOps tools like MLflow, Weights &

Biases, or Azure ML natively support this.

PLAN FOR MODEL DECAY

All AI models degrade over time as the real world diverges from the training data. A model

trained on 2024 customer behaviour will become less accurate through 2025 and 2026. Budget

for ongoing maintenance — typically 15–25% of the initial build cost annually — or your AI

investment will slowly become worthless.
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Your AI Implementation Action Plan

Turn this guide into a plan. Tick off each milestone as you complete it and capture owners, dates

and next steps below.

Implementation milestones

□ Strategy & use cases defined — high-value use cases identified and a business case documented

with ROI and quantifiable targets.

□ AI team assembled — roles assigned across sponsor, domain expert and technical capability, with

MSP support where needed.

□ Data audited & pipeline planned — data quality, volume and gaps assessed; extract-transform-

load pipeline designed.

□ Pilot project scoped — bounded problem, success metric, data sources and go/no-go criteria

agreed for an 8–12 week pilot.

□ Production & scaling plan ready — readiness checklist, monitoring, retraining cadence and

ongoing maintenance budget in place.

Top priority next steps

01 ______________________________________________________________________

02 ______________________________________________________________________

03 ______________________________________________________________________

04 ______________________________________________________________________

PROJECT OWNER

_______________________

TARGET PILOT DATE

_______________________

AI PLATFORM /  MSP

_______________________

Planning your first AI project?

Cloudswitched helps UK SMEs scope, build and deploy

practical AI — from use-case selection and data pipelines

through to pilot delivery and production MLOps, with fixed-

price engagements.

info@cloudswitched.com

+44 2030 043 450 · cloudswitched.com
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I T  S U P P O R T  &  P R O J E C T  S E R V I C E S

info@cloudswitched.com

New London House, 6 London St

London EC3R 7LP · United Kingdom
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